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Abstract: Pseudomonas aeruginosa is a common pathogen implicated in nosocomial 

infections with increasing resistance to a limited arsenal of antibiotics. Monte Carlo 

simulation provides antimicrobial stewardship teams with an additional tool to guide empiric 

therapy. We modeled empiric therapies with antipseudomonal β-lactam antibiotic regimens 

to determine which were most likely to achieve probability of target attainment (PTA)  

of >90%. Microbiological data for P. aeruginosa was reviewed for 2012. Antibiotics  

modeled for intermittent and prolonged infusion were aztreonam, cefepime, meropenem,  

and piperacillin/tazobactam. Using minimum inhibitory concentrations (MICs) from  

institution-specific isolates, and pharmacokinetic and pharmacodynamic parameters from 

previously published studies, a 10,000-subject Monte Carlo simulation was performed for 

each regimen to determine PTA. MICs from 272 isolates were included in this analysis. No 

intermittent infusion regimens achieved PTA >90%. Prolonged infusions of cefepime 2000 mg 

Q8 h, meropenem 1000 mg Q8 h, and meropenem 2000 mg Q8 h demonstrated PTA of 93%, 
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92%, and 100%, respectively. Prolonged infusions of piperacillin/tazobactam 4.5 g Q6 h and 

aztreonam 2 g Q8 h failed to achieved PTA >90% but demonstrated PTA of 81% and 73%, 

respectively. Standard doses of β-lactam antibiotics as intermittent infusion did not achieve 

90% PTA against P. aeruginosa isolated at our institution; however, some prolonged 

infusions were able to achieve these targets. 

Keywords: antimicrobial stewardship; pharmacodynamics; Pseudomonas aeruginosa; 

pharmacokinetics; modeling 

 

1. Introduction 

Pseudomonas aeruginosa is a ubiquitous Gram negative organism that has been implicated as  

the causative pathogen in many nosocomial infections. According to the National Healthcare Safety 

Network, P. aeruginosa is the fifth most common cause of hospital-acquired infections [1]. Mortality 

due to P. aeruginosa infection is high with some studies estimating mortality rate around 40% [2,3]. 

Antimicrobial stewardship programs (ASPs) must provide guidance to clinicians to help influence 

therapy selection and antimicrobial utilization. Successfully doing so will optimize both patient 

outcomes and healthcare costs, and curtail the development of antimicrobial resistance [4]. Infections 

due to P. aeruginosa are particularly challenging as designing effective antimicrobial regimens is 

hampered by growing resistance to a limited number of active agents. Consequences of ineffective 

antimicrobial therapy are increased mortality and costs of care [1,5–7]. One tool that ASPs can use to 

guide antipseudomonal therapy is the institutional antibiogram: the collection of quantitative minimum 

inhibitory concentrations (MIC) and reporting of qualitative susceptibility results for the microbial 

isolates at a given institution [8]. However, antibiograms only provide the likelihood that a  

pathogen will be susceptible to a given antimicrobial agent as defined by regulatory bodies based on 

historical data. The selected agent must be administered at appropriate doses to optimize antimicrobial 

pharmacokinetic and pharmacodynamic parameters [9]. 

Monte Carlo simulations can be used by ASPs as an extension of the antibiogram to guide optimal 

dosing of antimicrobials. A Monte Carlo simulation is a mathematical model developed in the 1940s to 

simulate scenarios that require the generation of random numbers. It has many applications in physics, 

finance and business, artificial intelligence, and video game design. In the setting of antimicrobial 

therapeutics, Monte Carlo simulations can combine pharmacokinetic and microbiological data to predict 

the likelihood an antimicrobial regimen will achieve a therapeutic target [10]. This is called the 

probability of target attainment (PTA) where the target to be achieved is an optimal pharmacodynamic 

parameter for bacterial killing [11]. This study aims to determine which empiric beta-lactam antimicrobial 

regimens will achieve a PTA of at least 90% against P. aeruginosa isolates at our institution. 
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2. Methods 

2.1. Data Collection 

This was a single-center, retrospective analysis conducted at University of Kentucky Chandler 

Medical Center, a 718-bed academic medical center. This study was approved by the Institutional 

Review Board. Clinical microbiology laboratory data was obtained for P. aeruginosa isolates collected 

between 1 January 2012 and 31 December 2012. Samples included for analysis were isolated from 

patients >18 years old who were admitted as inpatients during the study period. The first positive isolate 

from any culture site per year for P. aeruginosa from each patient was included for analysis. Subsequent 

positive cultures were excluded as recommended by antibiogram guidelines [8]. Culture sources 

included blood, bone, intra-abdominal, respiratory, skin/wound, urine, and miscellaneous sites.  

Data collected included source of isolate, patient location within hospital, and minimum inhibitory 

concentration (MIC) for formulary anti-pseudomonal beta-lactam antibiotics. At the time of study, MICs 

were reported using the BD Phoenix® automated microbiology system. The anti-pseudomonal beta-lactam 

antibiotics on formulary include aztreonam, cefepime, meropenem, and piperacillin/tazobactam. 

A PubMed search of the primary literature was conducted a priori to identify pharmacokinetic 

parameters for incorporation into the pharmacodynamic model. Search terms included the name of the 

agent, “healthy”, “volunteer”, and “pharmacokinetics”. Pharmacokinetic parameters collected from the 

identified studies included total body clearance (ClTB), volume of distribution (Vd), and half-life (t1/2). 

Protein binding (PB) was obtained from the manufacturers’ package inserts. 

2.2. Model Construction 

A 10,000 trial Monte Carlo simulation was constructed for each antimicrobial regimen in Oracle® 

Crystal Ball for Microsoft Excel® (version 11.1.2, Redwood City, CA, USA). Commonly prescribed 

doses were analyzed as both intermittent infusion (30 min) and prolonged infusion (3 h) for each 

antibiotic. The pharmacodynamic target used was free time above MIC (f%T > MIC). The optimal f%T 

> MIC used for carbapenems was 40% of the dosing interval, for cephalosporins and aztreonam was 

70%, and for penicillins was 50%. These values have correlated with bacterial killing, and reduced 

mortality in vivo [9]. 

Intermittent infusion [12]: ݂%T	 > MIC = lnሼሾdose	 ×	(1 − PB)ሿ ÷ (Vୢ × MIC)ሽ × (Vୢ ÷ Cl) × (100 ÷ τ) (1)

Prolonged infusion [13]: ݂%T > MIC = ቄT୧୬ −	൛lnሾ(R ÷ Cl) ÷ (R ÷ Cl − MIC)ሿ × (tଵ/ଶ ÷ 0.693)ൟቅ+	൛ሾln(R ÷ Cl) − ln(MIC)ሿ × (tଵ/ଶ ÷ 0.693)ൟ × (100τ ) (2)

R = ሾdose	 ×	(1 − PB)ሿ/T୧୬, Tinf = infusion time, τ = dosing interval (3)

The model identifies a pharmacokinetic parameter that falls within a lognormal distribution of the 

standard deviation about the mean and incorporates that into each simulation. Each simulation incorporated 



Antibiotics 2015, 4 646 

 

 

an MIC from the distribution of MICs identified from microbiologic data in order to mimic practice where 

clinicians do not know the MIC of the organism upon initiation of empiric antimicrobial therapy. 

3. Results 

Two hundred seventy-two P. aeruginosa isolates were identified for inclusion. Sixty-one percent of 

isolates were from male patients and 39% were from females. Forty-seven percent of specimens were 

isolated from patients admitted to a surgical or medical intensive care unit, 40% were isolated from 

patients admitted to an acute care service, 8% were admitted to our institution’s oncology wing, and 

location was unknown in 4% of cases. The most common sources were respiratory (42%), skin/wound 

(24%), urine (19%), blood (8%), and miscellaneous sites (5%). 

Table 1 indicates the distribution of MICs reported for study antibiotics and the percent of susceptible 

isolates according to 2012 Clinical and Laboratory Standards Institute (CLSI) standards [14]. The MIC50, 

and MIC90 of P. aeruginosa isolates are also presented in Table 1. Cefepime (81%) had the highest 

susceptibility rate against P. aeruginosa. 

Table 1. (Minimum inhibitory concentrations) MIC Range, MIC50, and MIC90, and percent 

susceptible against P. aeruginosa isolates from University of Kentucky. 

 
Breakpoint a 

(mcg/mL) 
MIC Range 
(mcg/mL) 

MIC50 
(mcg/mL) 

MIC90 
(mcg/mL) 

% 
Susceptible 

Aztreonam 8 <2–>32 8 32 68 
Cefepime 8 <1–>32 4 16 81 

Meropenem 2 <1–>16 1 8 74 
Piperacillin 16 <2–>128 8 128 75 

MIC = minimum inhibitory concentration, mcg/mL; MIC50 = MIC value at which growth was inhibited in 50% 

of isolates; MIC90 = MIC values at which growth was inhibited in 90% of isolates; a According to 2012 CLSI 

guidelines [14]. 

Identified pharmacokinetic studies and parameters included in the Monte Carlo simulation model are 

listed in Table 2. Data is presented as mean values and standard deviation. In one study of meropenem 

pharmacokinetics, no standard deviation was provided for t1/2, so a variation of 10% was set in  

the model [15]. Figure 1 presents the PTA for empiric antimicrobial regimens across the range of  

MICs encountered at our institution. Intermittent infusions of beta-lactams over 30 min did not reach 

pharmacodynamic targets in 90% of simulations. Prolonged infusions of cefepime 2000 mg every 8 h, 

meropenem 1000 mg every 8 h, and meropenem 2000 mg every 8 h have 93%, 92%, and 100% probability 

of reaching pharmacodynamic targets, respectively. 

Table 2. Pharmacokinetic parameters incorporated into model. 

Antimicrobial Agent 
Clearance 

(L/h) 
Volume of 

Distribution (L) 
Half Life 

(h) 
Protein 

Binding (%) 

Aztreonam [16,17] 5.45 ± 1.24 13.7 ± 4.94 1.69 ± 0.43 56 
Cefepime [18,19] 8.58 ± 1.5 18.4 ± 3.8 2.32 ± 0.39 20 

Meropenem [15,20] 11.28 ± 1.86 12.5 ± 1.5 0.98 2 
Piperacillin [21,22] 11.07 ± 2.59 11.2 ± 2.1 0.7 ± 0.11 30 
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Figure 1. Probability of target attainment of optimized empiric antipseudomonal beta-lactams. 

ATM = aztreonam; CFP = cefepime; MER = meropenem; PTZ = piperacillin/tazobactam. 

4. Discussion 

Pseudomonas aeruginosa is a major pathogen implicated in nosocomial infections. Successful 

treatment of P. aeruginosa is difficult due to limited antimicrobial options and increasing drug 

resistance. Providing guidance for the treatment of P. aeruginosa is particularly challenging for 

antimicrobial stewardship practitioners who must balance using effective antimicrobials, preserving the 

utility of these agents and managing healthcare costs. Antipseudomonal treatment success is not only 

dependent on appropriate antimicrobial agent choice but also on optimal dosing to achieve 

pharmacodynamic targets. We used institutional MIC data and healthy volunteer pharmacokinetic  

data to model pharmacodynamic target attainment of available empiric β-lactam regimens used when  

P. aeruginosa is suspected. 

Results of this study show that intermittent infusions of meropenem and prolonged infusions of 

meropenem or cefepime are most likely to achieve PTA >90% against P. aeruginosa isolates at our 

institution. Interestingly, prolonged infusion regimens of piperacillin/tazobactam were not able to reach 

PTA >90%, even at high doses of 4000 mg every 6 h. This may be attributable to high MICs of 
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piperacillin/tazobactam against P. aeruginosa in our population. In the range of MICs encountered 

against P. aeruginosa in this study, the highest MICs were for piperacillin/tazobactam. Eight percent of 

isolates had an MIC of 64 mcg/mL and 10% had an MIC of 128 mcg/mL. The tested antimicrobial 

regimens are more likely to reach PTA against isolates expressing lower MICs and less likely to reach 

these targets when the MIC is at the higher end of the range. Additionally, in patients with normal renal 

function—as modeled in this study—it is unfeasible to reach and maintain therapeutic serum 

concentrations above the MIC for 50% of the dosing interval when the MICs are elevated. 

The current study is not the only example of using institution-specific isolates in Monte Carlo 

simulations to influence antimicrobial dosing practices. Goff et al. analyzed 64 P. aeruginosa isolates 

from their institution and conducted a Monte Carlo Simulation to determine PTA for carbapenems  

and cefepime. Cefepime 2000 mg every 8 h administered over 0.5–1 h achieved a PTA of 86% while 

infusion over 3–4 h achieved a PTA greater than 90%. The antimicrobial stewardship team at their 

institution decided to change empiric cefepime dosing to prolonged infusion with resultant reductions in 

length of stay in both the hospital and the ICU, 14-day mortality, and in-hospital mortality [23]. 

Another study evaluated implementation of a clinical pathway for antimicrobial therapy in  

ventilator-associated pneumonia (VAP). A clinical pathway was designed using Monte Carlo simulation 

results from MICs against P. aeruginosa isolated from respiratory sources in three intensive care units 

between November 2004 and July 2005. Based on Monte Carlo simulations, cefepime 2000 mg prolonged 

infusion every 8 h, meropenem 2000 mg prolonged infusion every 8 h, and piperacillin/tazobactam  

4.5 g prolonged infusion every 6 h or 18 g continuous infusion every 24 h had the highest PTA against 

P. aeruginosa in the population of ICU patients with VAP. After implementing this clinical pathway, 

patients had decreased infection-related mortality, improved time to appropriate antimicrobial therapy, 

and decreased infection-related length of stay [24]. 

This study is limited in that it is a retrospective review of microbiological data and makes predictions 

based on mathematical modeling. While it reflects current guidelines regarding construction of an 

institutional antibiogram by including data from one institution, other institutions may have differing 

results [25]. Antimicrobial stewards must consider their institutional microbiome and local susceptibility 

patterns when making empiric therapy decisions. Future application includes using the Monte Carlo 

methodology with unit-specific isolates as CLSI encourages stratification of cumulative antibiogram 

data by nursing unit or site of care [25]. 

Our model was based on population pharmacokinetics from normal weight, healthy volunteers.  

In our patient population, 47% were located in an intensive care unit, creating the potential for 

confounding. We chose healthy volunteer population due to homogeneity and consistency of data 

throughout the published pharmacokinetic literature. In a study by Lodise et al. that conducted Monte 

Carlo simulations using pharmacokinetic parameters simulated from hospitalized patients and collected 

from healthy subject studies, the healthy subject studies underestimated PTA [26]. Therefore, the results 

of our study likely reflect worst-case, lower PTA than what would be achieved clinically. These results 

should be applied cautiously for patients with alterations in clearance or volume of distribution. 

Additionally, our model is built around predicted serum concentrations of the tested antimicrobials. 

Future models for specific sites of infection should incorporate tissue penetration to calculate PTA. 

The PTA goals in our model were conservative and represent optimal pharmacodynamic outcomes 

to maximize bacterial killing in vitro, but there is a paucity in the current body of literature to support 
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clinical outcomes associated with targeting these optimal pharmacodynamic targets using Monte Carlo 

simulation, and available published studies are conflicting [9]. One study conducted by Fish et al. 

compared outcomes predicted by Monte Carlo simulation with actual clinical outcomes in 182 critically 

ill patients with P. aeruginosa pneumonia [27]. Both modeling and direct estimation were used to 

ascertain pharmacodynamic targets. There was no correlation between actual clinical response to therapy 

and Monte Carlo simulation predicted target attainment. 

These studies and the current study set the stage for future direction of the application of Monte Carlo 

simulation in ASPs. They can be used as an extension of the antibiogram, inform institutional clinical 

pathway design, and influence physicians to choose the correct agent, dose, route, and dosing interval. 

These are important metrics of antimicrobial use processes that can be evaluated by ASPs  

to track and optimize antimicrobial utilization [28]. Since the execution of the current study, the 

antimicrobial management team provides practitioners at our institution with Monte Carlo simulation 

data in addition to the annual antibiogram to help guide empiric therapy for both P. aeruginosa and 

Enterobacteriaceae. Future applications include building Monte Carlo models to evaluate the dosing 

regimens of new antipseudomonal agents. Ceftolozane-tazobactam and ceftazidime-avibactam were 

recently approved for the treatment of complicated intra-abdominal infection or complicated urinary 

tract infection [29–32]. Monte Carlo simulations utilizing pharmacokinetics of these agents in patients 

combined with local isolates can provide direction for clinicians on use in more difficult to treat 

infections such as pneumonia and bacteremia. Additionally, currently utilized dosing schemes can be 

evaluated against clinical isolates as these agents begin to be used in practice. Around 3% of tested  

P. aeruginosa demonstrated resistant MICs with these new agents which may require higher doses, 

shorter intervals, and/or prolonged infusions to achieve pharmacodynamic targets and bactericidal 

activity [33,34]. Antimicrobial stewardship teams must ensure that these new agents are utilized 

appropriately and dosed optimally to preserve activity against P. aeruginosa. 

5. Conclusions 

ASPs can use Monte Carlo simulations as another tool in addition to the antibiogram to determine 

optimal empiric therapy regimens. Using local microbiology data and pharmacokinetic data, ASPs  

can develop unit-specific or institution-wide empiric regimens to target P. aeruginosa. Manipulating 

dosing and administration modalities can achieve optimal pharmacodynamic targets to improve the 

likelihood of successfully treating an infection. At our institution, prolonged infusions of high  

dose cefepime and meropenem achieved pharmacodynamics targets against P. aeruginosa. There are 

opportunities for further studies to examine the clinical application of Monte Carlo simulations in 

designing empiric antimicrobial therapy. 

Acknowledgements 

This research was not supported by any grants or other sources of funding.  
  



Antibiotics 2015, 4 650 

 

 

Author Contributions 

Sarah J. Tennant was involved in the conception, data collection, data analysis, and execution of this 

study and preparation of manuscript, Donna R. Burgess was involved in conception of this study, data 

analysis, and preparation of manuscript, Jeffrey M. Rybak was involved in execution of the experiments 

and preparation of manuscript, Craig A. Martin was involved in conception of this study and preparation 

of manuscript, David S. Burgess was involved in conception of this study, data analysis, and preparation 

of manuscript. 

Conflicts of Interest 

The authors of the manuscript have no conflict(s) of interest or relevant financial relationship(s)  

to disclose. 

References  

1. Sievert, D.M.; Ricks, P.; Edwards, J.R.; Schneider, A.; Patel, J.; Srinivasan, A.; Kallen, A.; 

Limbago, B.; Fridkin, S. Antimicrobial-resistant pathogens associated with healthcare-associated 

infections: Summary of data reported to the national healthcare safety network at the Centers for 

Disease Control and Prevention, 2009–2010. Infect. Control. Hosp. Epidemiol. 2013, 34, 1–14. 

2. Garnacho-Montero, J.; Sa-Borges, M.; Sole-Violan, J.; Barcenilla, F.; Escoresca-Ortega, A.;  

Ochoa, M.; Cayuela, A.; Rello, J. Optimal management therapy for Pseudomonas aeruginosa  

ventilator-associated pneumonia: An observational, multicenter study comparing monotherapy with 

combination antibiotic therapy. Crit. Care Med. 2007, 35, 1888–1895. 

3. Wisplinghoff, H.; Bischoff, T.; Tallent, S.M.; Seifert, H.; Wenzel, R.P.; Edmond, M.B. Nosocomial 

bloodstream infections in US hospitals: Analysis of 24,179 cases from a prospective nationwide 

surveillance study. Clin. Infect. Dis. 2004, 39, 309–317. 

4. Dellit, T.H.; Owens, R.C.; McGowan, J.E., Jr.; Gerding, D.N.; Weinstein, R.A.; Burke, J.P.; 

Huskins, W.C.; Paterson, D.L.; Fishman, N.O.; Carpenter, C.F.; et al. Infectious Diseases Society 

of America and the Society for Healthcare Epidemiology of America guidelines for developing an 

institutional program to enhance antimicrobial stewardship. Clin. Infect. Dis. 2007, 44, 159–177. 

5. Zilberberg, M.D.; Shorr, A.F.; Micek, S.T.; Vazquez-Guillamet, C.; Kollef, M.H. Multi-drug 

resistance, inappropriate initial antibiotic therapy and mortality in Gram-negative severe  

sepsis and septic shock: A retrospective cohort study. Crit. Care 2014, 18, 596, doi:10.1186/ 

s13054-014-0596-8. 

6. Lautenbach, E.; Weiner, M.G.; Nachamkin, I.; Bilker, W.B.; Sheridan, A.; Fishman, N.O. Imipenem 

resistance among Pseudomonas aeruginosa isolates: Risk factors for infection and impact of 

resistance on clinical and economic outcomes. Infect. Control Hosp. Epidemiol. 2006, 27, 893–900. 

7. Obritsch, M.D.; Fish, D.N.; MacLaren, R.; Jung, R. National surveillance of antimicrobial resistance 

in Pseudomonas aeruginosa isolates obtained from intensive care unit patients from 1993 to 2002. 

Antimicrob. Agents Chemother. 2004, 48, 4606–4610. 

8. Hindler, J.F.; Stelling, J. Analysis and presentation of cumulative antibiograms: A new consensus 

guideline from the clinical and laboratory standards institute. Clin. Infect. Dis. 2007, 44, 867–873. 



Antibiotics 2015, 4 651 

 

 

9. Craig, W.A. Pharmacokinetic/pharmacodynamic parameters: Rationale for antibacterial dosing of 

mice and men. Clin. Infect. Dis. 1998, 26, 1–10, doi:10.1086/516284. 

10. Bonate, P.L. A brief introduction to Monte Carlo simulation. Clin. Pharmacokinet. 2001, 40,  

15–22. 

11. Roberts, J.A.; Kirkpatrick, C.M.J.; Lipman, J. Monte Carlo simulations: Maximizing antibiotic 

pharmacokinetic data to optimize clinical practice for critically ill patients. J. Antimicrob. Chemother. 

2011, 66, 227–231. 

12. Frei, C.R.; Wiederhold, N.P.; Burgess, D.S. Antimicrobial breakpoints for Gram-negative aerobic 

bacteria based on pharmacokinetic-pharmacodynamic models with Monte Carlo simulation.  

J. Antimicrob. Chemother. 2008, 61, 621–628. 

13. Shea, K.M.; Cheatham, S.C.; Wack, M.F.; Smith, D.W.; Sowinski, K.M.; Kays, M.B. Steady-state 

pharmacokinetics and pharmacodynamics of piperacillin/tazobactam administered by prolonged 

infusion in hospitalised patients. Int. J. Antimicrob. Agents 2009, 34, 429–433. 

14. Clinical and Laboratory Standards Institute. Performance Standards for Antimicrobial 

Susceptibility Testing; Clinical and Laboratory Standards Institute: Wayne, PA, USA, 2012; 

Volume 32. 

15. Nilsson-Ehle, I.; Hutchison, M.; Haworth, S.J.; Norrby, S.R. Pharmacokinetics of meropenem 

compared to imipenem-cilastatin in young, healthy males. Eur. J. Clin. Microbiol. Infect. Dis. 1991, 

10, 85–88. 

16. Meyers, B.R.; Wilkinson, P.; Mendelson, M.H.; Bournazos, C.; Tejero, C.; Hirschman, S.Z. 

Pharmacokinetics of aztreonam in healthy elderly and young adult volunteers. J. Clin. Pharmacol. 

1993, 33, 470–474. 

17. Bristol-Myers Squibb Company. Azactam (Aztreonam) Package Insert, revised; Bristol-Myers 

Squibb Company: Princeton, NJ, USA, 2013. 

18. Barbhaiya, R.H.; Forgue, S.T.; Gleason, C.R.; Knupp, C.A.; Pittman, K.A.; Weidler, D.J.; 

Movahhed, H.; Tenney, J.; Martin, R.R. Pharmacokinetics of cefepime after single and multiple 

intravenous administrations in healthy subjects. Antimicrob. Agents Chemother. 1992, 36, 552–557. 

19. Hospira, Inc. Maxipime (Cefepime) Package Insert, revised; Hospira, Inc.: Lake Forest, IL, USA, 2014. 

20. AstraZeneca Pharmaceuticals LP. Merrem (Meropenem) Package Insert, revised; AstraZeneca 

Pharmaceuticals LP.: Wilmington, DE, USA, 2013. 

21. Kim, M.K.; Capitano, B.; Mattoes, H.M.; Xuan, D.; Quintiliani, R.; Nightingale, C.H.;  

Nicolau, D.P. Pharmacokinetic and pharmacodynamic evaluation of two dosing regimens for 

piperacillin-tazobactam. Pharmacotherapy 2002, 22, 569–577. 

22. Apotex Corp. Zosyn (Piperacillin and Tazobactam) Package Insert, revised; Apotex Corp.: Weston, 

FL, USA, 2009. 

23. Goff, D.A.; Nicolau, D.P. When pharmacodynamics trump costs: An antimicrobial stewardship 

program’s approach to selecting optimal antimicrobial agents. Clin. Ther. 2013, 35, 766–771. 

24. Nicasio, A.M.; Eagye, K.J.; Nicolau, D.P.; Shore, E.; Palter, M.; Pepe, J.; Kuti, J.L. 

Pharmacodynamic-based clinical pathway for empiric antibiotic choice in patients with  

ventilator-associated pneumonia. J. Crit. Care 2010, 25, 69–77. 



Antibiotics 2015, 4 652 

 

 

25. Clinical and Laboratory Standards Institute. M39-A4: Analysis and Presentation of Cumulative 

Antimicrobial Susceptibility Test Data; Clinical and Laboratory Standards Institute: Wayne, PA, 

USA, 2014; Volume 34. 

26. Lodise, T.P., Jr.; Lomaestro, B.; Rodvold, K.A.; Danziger, L.H.; Drusano, G.L. Pharmacodynamic 

profiling of piperacillin in the presence of tazobactam in patients through the use of population 

pharmacokinetic models and Monte Carlo simulation. Antimicrob. Agents Chemother. 2004, 48, 

4718–4724. 

27. Fish, D.N.; Kiser, T.H. Correlation of pharmacokinetic/pharmacodynamic-derived predictions of 

antibiotic efficacy with clinical outcomes in severely ill patients with Pseudomonas aeruginosa 

pneumonia. Pharmacotherapy 2013, 33, 1022–1034. 

28. Dodds Ashley, E.S.; Kaye, K.S.; DePestel, D.D.; Hermsen, E.D. Antimicrobial stewardship: 

Philosophy versus practice. Clin. Infect. Dis. 2014, 59, S112–S121. 

29. Solomkin, J.; Hershberger, E.; Miller, B.; Popejoy, M.; Friedland, I.; Steenbergen, J.; Yoon, M.; 

Collins, S.; Yuan, G.; Barie, P.S.; et al. Ceftolozane/tazobactam plus metronidazole for complicated 

intra-abdominal infections in an era of multidrug resistance: Results from a randomized,  

double-blind, phase 3 trial (aspect-ciai). Clin. Infect. Dis. 2015, 60, 1462–1471. 

30. Wagenlehner, F.M.; Umeh, O.; Steenbergen, J.; Yuan, G.; Darouiche, R.O. Ceftolozane-tazobactam 

compared with levofloxacin in the treatment of complicated urinary-tract infections, including 

pyelonephritis: A randomised, double-blind, phase 3 trial (aspect-cuti). Lancet 2015, 385, 1949–1956. 

31. Vazquez, J.A.; Gonzalez Patzan, L.D.; Stricklin, D.; Duttaroy, D.D.; Kreidly, Z.; Lipka, J.;  

Sable, C. Efficacy and safety of ceftazidime-avibactam versus imipenem-cilastatin in the treatment 

of complicated urinary tract infections, including acute pyelonephritis, in hospitalized adults: 

Results of a prospective, investigator-blinded, randomized study. Curr. Med. Res. Opin. 2012, 28, 

1921–1931. 

32. Lucasti, C.; Popescu, I.; Ramesh, M.K.; Lipka, J.; Sable, C. Comparative study of the efficacy and 

safety of ceftazidime/avibactam plus metronidazole vs meropenem in the treatment of complicated 

intra-abdominal infections in hospitalized adults: Results of a randomized, double-blind, phase II trial. 

J. Antimicrob. Chemother. 2013, 68, 1183–1192. 

33. Sader, H.S.; Castanheira, M.; Mendes, R.E.; Flamm, R.K.; Farrell, D.J.; Jones, R.N.  

Ceftazidime-avibactam activity against multidrug-resistant Pseudomonas aeruginosa isolated in 

U.S. medical centers in 2012 and 2013. Antimicrob. Agents Chemother. 2015, 59, 3656–3659. 

34. Sutherland, C.A.; Nicolau, D.P. Susceptibility profile of ceftolozane/tazobactam and other parenteral 

antimicrobials against Escherichia coli, Klebsiella pneumoniae, and Pseudomonas aeruginosa from 

US hospitals. Clin. Ther. 2015, 37, 1564–1571. 

© 2015 by the authors; licensee MDPI, Basel, Switzerland. This article is an open access article 

distributed under the terms and conditions of the Creative Commons Attribution license 

(http://creativecommons.org/licenses/by/4.0/). 


	Utilizing Monte Carlo Simulations to Optimize Institutional Empiric Antipseudomonal Therapy
	Repository Citation

	Utilizing Monte Carlo Simulations to Optimize Institutional Empiric Antipseudomonal Therapy
	Digital Object Identifier (DOI)
	Notes/Citation Information

	Utilizing Monte Carlo Simulations to Optimize Institutional Empiric Antipseudomonal Therapy

